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The H igh Spatial Resolution RS Im age C lassification Based on
SVM M ethod w ith the M ulti-Source Data
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Abstract  The RS image shows a very prom ising perspective for uthan land —cover and land-use classification,

particularly with very high resolition(1— 4m) satellite inages while the traditional extraction methods of the
high spatial resolution mmage has the shortcom ings of the low accuracy and classification efficiency This paper
deals with the high spatial resolution mage( IKONOS) classification based on the SVM method integrating the
infom ation of spectral texture and structure And comparing to the results based on M axinum L ikelihood and
SVM method with singlesource data this shows that the high spatial resolution RS mmage classification based on
SVM M ethod with multi-source data can solve the mage classification fragmentation which is based on the
single~source data spectrum, and has the good generalization ability with the high dimension vector It has
more accuration than the maximum likelihood method and SVM based on the single source data adapts to the
high spatial resolution RS Image classification
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